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1 Details of Data Sources

1.1 Source Dataset Full list

All source datasets used in HumanPCR are listed in Table 1, including their licenses, websites,
and descriptions.

Table 1: Details of the data sources employed.

Name License URL Description

VSR Liu et al.
(2023)

Apache License
2.0

https://github.
com/cambridgeltl/
visual-spatial-reasoning

Image–caption corpus for assessing
whether spatial relationship state-
ments accurately describe scenes

RefCOCOg Kazemzadeh
et al. (2014)

Apache License
2.0

https://github.com/
lichengunc/refer (for
original RefCOCO)

Dataset linking long free-form refer-
ring expressions with their target ob-
jects or persons in COCO images

Motion-X Lin
et al. (2023)

CC BY-NC-SA
4.0

https://
motion-x-dataset.github.
io/

Collection of expressive 3D whole-
body motion sequences with SMPL-X
annotations across diverse actions

HAKE-
PaSta Li et al.
(2022)

MIT License http://hake-mvig.cn/ Provides part-state labels that cap-
ture fine-grained body and hand-
object interactions

MEBOW Wu
et al. (2020)

Only for re-
search purposes

https://chenyanwu.
github.io/MEBOW/

COCO-MEBOW supplies images an-
notated for single-view human body
orientation estimation in the wild

GazeFollow Recasens∗
et al. (2015)

Publicly avail-
able

http://gazefollow.csail.
mit.edu/

Images labeled with gaze target re-
gions so models can predict where
each depicted person is looking

Clothing
Attribute
Dataset Chen
et al. (2012)

Publicly avail-
able

https://purl.stanford.
edu/tb980qz1002

Street-fashion image set annotated
with clothing categories and visual
attributes such as neckline or pattern

ChaLearn
LAP Escalera
et al. (2017)

The image copy-
right belongs to
the original au-
thors

https://chalearnlap.cvc.
uab.cat/

Datasets from the ‘Looking at People’
challenges

MPII Human
Pose An-
driluka et al.
(2014)

Simplified
BSD License
(Research
purposes, non-
commercial for
images)

http://human-pose.
mpi-inf.mpg.de/

Benchmark of everyday images with
16-joint annotations for articulated
human pose estimation

CelebA Liu
et al. (2015)

Non-
commercial
research use

https://mmlab.ie.cuhk.
edu.hk/projects/CelebA.
html

Face dataset with celebrity images
annotated for binary attributes and
landmarks, used for facial-attribute
research
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Continuation of Table 1 (continued from previous page)
Name License URL Overview

FlickrCI3D Fier-
aru et al.
(2020)

CC-BY (im-
ages)

https://ci3d.imar.ro/ Flickr images annotated with 3D
body-region contact signatures for
modeling social interactions

Hands23 Cheng
et al. (2023)

CC-BY (im-
ages)

https://github.com/
ddshan/hands23_data

Egocentric images labeled with hand
regions, contact areas and grasp types
during everyday object manipulation

DECO Tri-
pathi et al.
(2023)

CC-BY (images,
only from HICO
and COCO)

https://deco.is.tue.mpg.
de/

Dataset providing dense labels of
human-object contact points to study
body-part interaction in the wild

COCO Lin
et al. (2014)

CC-BY 4.0 https://cocodataset.
org/

Common Objects in Context bench-
mark for object detection, segmenta-
tion and captioning within rich scenes

FlickrSC3D Fier-
aru et al.
(2021)

CC-BY (im-
ages)

https://ci3d.imar.ro/ Flickr images annotated for self-
contact body-part pairs projected
onto 3D human meshes

LFW Huang
et al. (2008)

Non-
commercial
research use

http://vis-www.cs.umass.
edu/lfw/

Unconstrained face-photo collection
for benchmarking face verification
and identity clustering

EgoGesture Zhang
et al. (2018)

Not dis-
tributed(
Custom license)

https://github.com/
KardinalZhu/EgoGesture

Egocentric RGB-D video dataset of
dynamic hand gestures captured in
varied environments

HaGRID Kap-
itanov et al.
(2024)

CC BY-SA 4.0
/ Custom (Vari-
ant of CC BY-
SA 4.0)

https://github.com/
hukenovs/hagrid

Image dataset of diverse hand ges-
tures labeled for gesture detection
and classification

BOLD Luo
et al. (2020)

Publicly avail-
able

https://cydar.ist.psu.
edu/emotionchallenge/
dataset.php

Body-Language-in-the-Wild dataset
aimed at recognizing bodily expres-
sions of emotion in video

Emotic Kosti
et al. (2017)

Used only
for non-
commercial
research and
education pur-
poses

https://github.com/
rkosti/emotic

Contextual emotion-recognition
dataset with images labeled by
categorical and dimensional affect
annotations

Ego4D Grau-
man et al.
(2022)

Accessible for
academic re-
search(Custom
License)

https://ego4d-data.org/ Egocentric video benchmark cover-
ing daily activities for tasks such
as episodic memory, interaction and
forecasting

Ego-
Exo4D Grau-
man et al.
(2024)

Accessible for
academic re-
search(Custom
License)

https://ego-exo4d.
github.io/

Dataset with synchronized first- and
third-person videos plus narrations
for skill and action analysis

HAA500 Chung
et al. (2021)

MIT License https://github.com/
escalab/HAA500

Human-centric atomic-action dataset
with fine-grained labels for action
recognition

ActivityNet Fabian
Caba Heil-
bron &
Niebles
(2015)

CC BY-NC-SA
4.0

http://activity-net.
org/

Benchmark of untrimmed videos for
temporal action localization and ac-
tivity understanding

ActionAtlas Salehi
et al. (2024)

Publicly
available(meta-
data)

https://github.com/
mrsalehi/action-atlas

Sports-video QA benchmark that
requires identifying subtle domain-
specific actions
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Continuation of Table 1 (continued from previous page)
Name License URL Overview

EgoExo
Learn Huang
et al. (2024)

MIT License https://huggingface.
co/datasets/hyf015/
EgoExoLearn

Dataset where learners record egocen-
tric videos while following exocentric
demonstrations to study skill acquisi-
tion

HoloAssist Wang
et al. (2023)

CDLAv2 license https://holoassist.
github.io/

Egocentric mixed-reality dataset cap-
turing remote human collaboration
on physical manipulation tasks

NurViD Ming
et al. (2023)

CC-BY 4.0
(metadata)

https://github.
com/minghu0830/
NurViD-benchmark

Video benchmark of nursing proce-
dures annotated for procedural steps
and action recognition

ProBio Cui
et al. (2023)

CC BY-NC-SA https://probio-dataset.
github.io/

Bioscience-lab dataset with hierarchi-
cal annotations for procedure track-
ing and action recognition

HA-
ViD Zheng
et al. (2023)

CC BY-NC 4.0 https://iai-hrc.github.
io/ha-vid/

Industrial-assembly videos annotated
for temporal and spatial understand-
ing of human assembly actions

FineBio Yagi
et al. (2024)

Limited to non-
commercial re-
search(Custom
license)

https://sites.google.
com/view/finebio

Dataset of biological experiments
with hierarchical protocol-to-
operation annotations for fine-
grained action analysis

HiREST Zala
et al. (2023)

MIT License https://github.com/
j-min/HiREST

Hierarchical video-moment dataset
linking instructional video segments
to retrieval queries and step captions

Captain
Cook4D Peddi
et al. (2024)

Apache license
2.0 .

https://captaincook4d.
github.io/captain-cook/

CaptainCook4D provides egocentric
cooking recordings enabling reason-
ing about procedural dependencies in
recipes

LEMMA Jia
et al. (2020)

Credentialized
(gated) access

https://sites.
google.com/view/
lemma-egocentric-video/

Goal-directed multi-agent egocentric
dataset with compositional atomic-
action labels for complex activity un-
derstanding

Perception
Test Pătrăucean
et al. (2023)

CC-BY https://github.com/
deepmind/perception_
test

DeepMind benchmark of real-world
videos combining vision, audio and
language tasks to probe perception
and reasoning

EgoPlan-
Bench Chen
et al. (2023)

CC BY-NC-
SA(EPIC-
KITCHENS)&
Custom Li-
cense(Ego4D)

https://github.com/
ChenYi99/EgoPlan

Benchmark evaluating multimodal
large-language models on next-action
planning in egocentric videos

PISC Li et al.
(2017)

CC-BY 4.0 https://zenodo.org/
record/1059155

Image dataset with person pairs an-
notated for social-relationship cate-
gories and roles

ViSR Liu
et al. (2019)

Publicly avail-
able

https://xinchenliu.com/ Video dataset labeled with everyday
social-relationship types between peo-
ple

Crowd
Activity
Dataset Wang
et al. (2022)

Publicly avail-
able

https://github.
com/MCLAB-OCR/
KnowledgeMiningWithSceneText/
blob/main/README_
datasets.md

Image collection categorized to dis-
tinguish crowd activities and interac-
tions in diverse events
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Continuation of Table 1 (continued from previous page)
Name License URL Overview

Struggle De-
termination
Dataset Feng
et al. (2024)

Publicly avail-
able

https://github.
com/FELIXFENG2019/
Struggle-Determination

First-person video dataset assessing
perceived struggle levels in assembly
tasks

Crowd11 Dupont
et al. (2017)

Publicly avail-
able (metadata)

https://paperswithcode.
com/dataset/crowd11

Video dataset labeled with varied
crowd-motion patterns for crowd-
behaviour analysis

UCF-
Crime Sultani
et al. (2018)

For research
purposes only.

https://www.crcv.
ucf.edu/data/
ucf-crime-dataset/

Surveillance video dataset with
diverse anomaly categories for
abnormal-event detection

CrisisMMD Alam
et al. (2018)

CC BY-NC-SA
4.0

https://crisisnlp.qcri.
org/crisismmd/

Multimodal Twitter dataset of dis-
aster images and text annotated for
crisis-response research

2 Extra Details of Annotation Setup

2.1 Task-level Annotation Configuration

Table 2: Annotation configuration for each task. Header “M.” stands for Modality, where I
= Image, MI = Multi-Image, and V = Video.

Task Source M. Explanation Example

Spatial Relation VSR I Perceive spatial rela-
tions among individu-
als and between indi-
viduals and objects.

Question: How would you describe the prox-
imity of the person to the boat?
Choices & Answer:
A. in front of the boat
B. behind the boat
C. far from the boat
D. on the boat
E. next to the boat

Object Exis-
tence

RefCOCOg I Identify the objects
present in the image
and determining the
presence of specific tar-
get objects.

Question: What item appears in the picture?
Choices & Answer:
A. A green plate
B. A green cup
C. A green vase
D. A red vase
E. A blue vase

Human Pres-
ence

RefCOCOg I Identify the individuals
present in the image de-
termining the presence
of specific target indi-
viduals.

Question: Select the person that appears in
the picture
Choices & Answer:
A. A man wearing a plaid dress shirt
B. A man in a floral patterned shirt
C. A man wearing a solid blue shirt
D. A man wearing a striped red shirt
E. A man in a plain white shirt

Body Posture Motion-X I Recognize the fine-
grained posture of the
referenced person.

Question: What is the arrangement of the per-
son’s body in the image, particularly regarding
the state of specific body parts?
Choices & Answer:
A. Right thigh inclined, both legs at same
height, left foot backward
B. Both thighs vertical, right leg higher than
left, left foot backward
C. Right thigh vertical, left leg higher than
right, left foot forward
D. Both thighs vertical, left leg lower than
right, left foot forward
E. Right thigh horizontal, left leg higher than
right, right foot forward

Continued on next page
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Continuation of Table 2 (continued from previous page)
Task Source M. Explanation Example

Hand State Motion-X I Identity the fine-
grained hand states of
the referenced person.

Question: How is the person’s hand specifically
arranged in the photograph?
Choices & Answer:
A. Both hands form a tight fist except for the
thumbs, which are extended
B. Fingers interlocked, thumbs pointing up-
ward
C. All fingers are closely positioned with both
thumbs bent inward
D. Thumbs wide apart, left fingers slightly
bent, and right fingers slightly bent
E. All fingers extended and close together, with
thumbs sticking out to the sides

Hand-Object In-
teraction

HAKE-PaSta I Recognizing how the
persons’ hands interact
with objects.

Question: How are the hands of the person
shown in the image engaging with the sheep?
Choices & Answer:
A. Patting the sheep
B. Feeding the sheep
C. Pulling the sheep
D. Carrying the sheep
E. Pushing the sheep

Body Orienta-
tion

MEBOW I Estimate the body ori-
entation of the refer-
enced person.

Question: What direction is this person’s body
turned towards in the picture?
Choices & Answer:
A. Directly backward
B. Slightly to the left of forward
C. Slightly to the right of forward
D. Directly forward
E. Directly to the left

Gaze Estima-
tion

GazeFollow I Estimate the gaze di-
rection of the refer-
enced person.

Question: In the picture, which way is the
seated woman’s gaze most likely directed?
Choices & Answer:
A. Slightly upward and to the left
B. Slightly downward and to the left
C. Directly downward
D. Slightly downward and to the right
E. Directly to the left

Clothing At-
tribute

Clothing At-
tribute Dataset

I Identifying cloth-
ing categories and
attributes of the refer-
enced person.

Question: What type of neckline design can
be observed on the woman’s dress, and what
is the overall pattern on her clothing?
Choices & Answer:
A. Square neckline, plaid pattern
B. V-shape neckline, plaid pattern
C. V-shape neckline, floral pattern
D. Round neckline, plaid pattern
E. Scoop neckline, striped pattern

Accessory
Recognition

ChaLearn LAP I Identifying the acces-
sories of referenced per-
son.

Question: What accessory pieces is the person
in the image wearing?
Choices & Answer:
A. Earrings
B. None
C. A ring
D. A necklace
E. A watch

Bodypart Visi-
bility

MPII Human
Pose

I Determine whether spe-
cific body-parts of the
referenced individual
are visible.

Question: Which upper body joints are com-
pletely visible in the image, specifically focus-
ing on the shoulders, elbows, and wrists?
Choices & Answer:
A. Right elbow, right shoulder, thorax, left
shoulder, left elbow
B. Right shoulder, right elbow, left shoulder,
left elbow, thorax
C. Right wrist, right elbow, right shoulder, left
shoulder, left elbow, left wrist
D. Left shoulder, right shoulder, right wrist,
left wrist
E. Thorax, right wrist, right elbow, left wrist,
left elbow

Continued on next page
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Continuation of Table 2 (continued from previous page)
Task Source M. Explanation Example

Physical At-
tribute

CelebA I Identify observable hu-
man physical attributes
from images.

Question: Can you describe how the promi-
nence of the person’s facial features might be
balanced by the presence or absence of specific
elements such as a beard or baldness?
Choices & Answer:
A. The presence of a thick beard and bushy
eyebrows obscure other features like the big
lips and receding hairline
B. The absence of a receding hairline and pres-
ence of a small beard focuses attention away
from the big nose and arching eyebrows
C. The absence of a beard and baldness, cou-
pled with prominent, curly hair and a receding
hairline enhances the facial feature balance
D. Minimal facial hair and a lack of baldness
shift emphasis to the big nose, despite the
styled, straight hair
E. A full beard and a distinct presence of bald-
ness shift focus towards their high cheekbones
and narrow eyes

Human-Human
Contact

FlickrCI3D (an-
notation, image
from Flickr)

I Identify specific body
contact regions be-
tween two individuals.

Question: Can you identify any contact involv-
ing the third person from the right’s right hand
back side fingers and the fourth person from
the right?
Choices & Answer:
A. Yes, but only with the fourth person from
the right’s left thigh.
B. Yes, their right hand palms are in contact
instead.
C. Yes, the third person from the right’s fin-
gers touch the fourth person from the right’s
shoulder.
D. Yes, the third person from the right’s right
hand back side fingers are in contact with the
fourth person from the right’s waist.
E. No, there is no involvement with the fourth
person from the right’s body.

Human-Object
Contact

Hands23,
DECO (annota-
tion, image from
Flickr),COCO
(image)

I Identify specific body
contact regions be-
tween an object and an
individual.

Question: What parts of this person’s body
make contact with the cell phone?
Choices & Answer:
A. The right hand fingers (excluding palm) and
the right ear.
B. The left hand fingers (excluding palm) and
the right ear.
C. The right hand fingers (excluding palm) and
the left ear.
D. The left hand fingers (excluding palm) only.
E. The left hand fingers (excluding palm) and
the left ear.

Human Self-
Contact

FlickrSC3D (an-
notation, image
from Flickr)

I Identify specific body
contact parts of an in-
dividual.

Question: Is the ’Left Elbow Pit’ of the girl
wearing a red top in contact with their ’Left
Thigh’?
Choices & Answer:
A. Yes, the ’Left Elbow Pit’ of the girl wearing
a red top is in contact with their ’Right Thigh’.
B. Yes, the ’Left Elbow Pit’ of the girl wearing
a red top is in contact with their ’Left Thigh’.
C. No, the ’Left Elbow Pit’ of the girl wearing
a red top is not in contact with their ’Left
Thigh’.
D. The ’Right Elbow Pit’ of the girl wearing a
red top is in contact with their ’Left Thigh’.
E. The ’Left Elbow Pit’ of the girl wearing a
red top is in contact with their ’Left Forearm
Outer Side’.

Face Recogni-
tion

LFW MI Determine whether the
faces in two images be-
long to the same indi-
vidual.

Question: Is the person in the first picture the
same as the person in the second picture?
Choices & Answer:
A. yes
B. no

Continued on next page
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Continuation of Table 2 (continued from previous page)
Task Source M. Explanation Example

Identity Cluster-
ing

LFW MI Identify which images
depict the same individ-
ual among a set of im-
ages.

Question: In these 5 images, which ones are of
the same person?
Choices & Answer:
A. The second, the fourth, and the fifth one
are the same person.
B. The second, the third, and the fourth one
are the same person.
C. The third, the fourth, and the fifth one are
the same person.
D. The third and the fifth one are the same
person.
E. The second, the third, and the fifth one are
the same person.

Gesture EgoGesture, Ha-
GRID

I+V Recognize human ges-
tures and their mean-
ings in images and
videos.

Question: Which hand gesture is performed
first, ’zoom in with fingers’ or ’rotate fingers
counterclockwise’?
Choices & Answer:
A. The gesture ’rotate fingers counterclockwise’
does not appear.
B. The gesture ’zoom in with fingers’ does not
appear.
C. The gesture ’zoom in with fingers’ appears
first.
D. Neither ’zoom in with fingers’ nor ’rotate
fingers counterclockwise’ appears.
E. The gesture ’rotate fingers counterclockwise’
appears first.

Emotion BOLD, Emotic I+V Perceive the emotional
state of the referenced
individual.

Question: What do this woman’s posture and
facial expressions reveal about their feelings?
Choices & Answer:
A. Engaged and entirely approving
B. Engaged but slightly disapproving
C. Surprised and unengaged
D. Disinterested and neutral
E. Completely disapproving and unengaged

Basic Action Ego4d, Ego-
Exo4D,
HAA500, Activ-
ityNet

V Recognize basic human
actions in video clips.

Question: What type of sport are the two in-
dividuals primarily engaged in throughout the
video?
Choices & Answer:
A. Tennis is the primary activity, with shots of
players performing serves and volleys indoors.
B. The primary activity is volleyball, shown
through indoor scenes featuring spikes and
serves.
C. Futsal is the primary sport as men demon-
strate soccer techniques in an indoor stadium
setting.
D. Baseball is being played in an indoor sta-
dium, showing pitching and catching tech-
niques prominently.
E. Basketball is their main focus, utilizing
indoor courts to demonstrate dribbling and
shooting skills.

Knowledge-
Based Action

Ego-Exo4D,
ActionAt-
las(Used as-is),
EgoExoLearn,
HoloAssist,
NurViD, Pro-
Bio, HA-ViD,
FineBio

V Recognize human ac-
tion types within a spe-
cific domain.

Question: What best describes the move per-
formed by the player who is farther from the
camera?
Choices & Answer:
A. Backhand block
B. Backhand drive
C. Reverse pendulum serve
D. Forehand loop
E. Backhand flick

Continued on next page
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Continuation of Table 2 (continued from previous page)
Task Source M. Explanation Example

Sequential Ac-
tion

Ego4D,
HiREST

V Recognize sequences of
consecutive actions in
video clips and their
temporal relationships.

Question: What sequence of actions can be
observed in the video? Please list them in
order.
Choices & Answer:
A. The camera wearer raises his legs up, does
sit-ups, raises his legs up again, does more sit-
ups, folds his legs, raises his hands, looks at
the watch, and then moves his hands in front.
B. The camera wearer raises his legs up, raises
his legs up again, folds his legs, raises his hands,
moves his hands in front, and exercises on the
mat.
C. The camera wearer raises his legs up, does
sit-ups, raises his legs up again, moves his foot,
does sit-ups, folds his legs, puts the leg down,
raises his hands, looks at the watch, and then
moves his hands in front.
D. The camera wearer does sit-ups, raises his
legs up, folds his legs, raises his hands, looks at
the watch, and then moves his hands in front.
E. The camera wearer raises his legs up, raises
his legs up again, does sit-ups, folds his legs,
looks at the watch, and then moves his hands
in front.

Procedure De-
pendence

CaptainCook4D V Determine whether a
pair of actions in a
video can be reordered,
and identify the reason
if they cannot.

Question: In the video, can the step ’Mi-
crowave until the cheese melts’ and the step
’Replace the top of the English muffin’ swap
execution order?
Choices & Answer:
A. Yes, they can swap execution order.
B. No, because although ’Replace the top of the
English muffin’ does not depend on ’Microwave
until the cheese melts’, its dependent prede-
cessor actions had not been fully completed
before ’Microwave until the cheese melts’ was
performed.
C. No, because although ’Microwave until the
cheese melts’ does not depend on ’Replace the
top of the English muffin’, its dependent pre-
decessor actions had not been fully completed
before ’Replace the top of the English muffin’
was performed.
D. No, because ’Replace the top of the English
muffin’ depends on ’Microwave until the cheese
melts’.
E. No, because ’Microwave until the cheese
melts’ depends on ’Replace the top of the En-
glish muffin’.

Multiple Human
Sequence Action

LEMMA V Question: What is the final location of both
the cup and the waterpot at the end of the
video?
Choices & Answer:
A. Both the cup and the waterpot are located
on the table, visible to both another person
and camera wearer.
B. The cup is on the side of the waterdispenser
and the waterpot sits on the sofa next to the
camera wearer.
C. The cup is held by another person, while
the waterpot remains filled with water on the
waterdispenser side.
D. The cup is placed on the table and the
waterpot is on the sofa.
E. The cup ends up on the table, and the
waterpot is put on the floor.

Continued on next page
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Continuation of Table 2 (continued from previous page)
Task Source M. Explanation Example

Irrelevant Ac-
tion

Ego4D (video,
goal-step an-
notation),
Perception Test
(Used as-is)

V Recognize sequential
actions performed
in parallel by two
individuals, including
their interactions and
temporal relationships
between actions.

Question: Considering the goal of the cam-
era wearer reflected in this first-person video,
which activities could be omitted to streamline
the process?
Choices & Answer:
A. No activities unrelated to the overall goal
are present in the video.
B. Cook flatbread.
C. Stir zucchini with the spatula.
D. Transfer cooked flatbread to bowl.
E. Mold dough with flour.

Goal Planning EgoPlan-Bench
(Used as-is)

V Infer the next appropri-
ate action based on the
task goal and observed
progress in the video.

Question: Considering the progress shown in
the video and my current observation in the
last frame, what action should I take next in
order to transfer food from sieve to chopping
board?
Choices & Answer:
A. put chopstick on chopping board
B. put sieve in sink
C. pour sieve on chopping board
D. adjust bracelet
E. pick up chopstick

Human Compar-
ison

COCO, Crowd
Activity Dataset

I Identify similarities
and differences be-
tween two individuals
regarding attributes,
positions, and roles.

Question: What do the two people on the far
right in the image have in common?
Choices & Answer:
A. They both appear distressed.
B. They both show two rows of teeth.
C. They both wear a blue helmet.
D. They both have sunglasses hanging in front
of their clothes.
E. They both have a green wristband on their
left hand.

Social Relation PISC, ViSR I+V Infer the social relation-
ship between two refer-
enced individuals.

Question: What potential social networks
could the people in the scene belong to?
Choices & Answer:
A. Professional networking sites
B. International travel clubs
C. Local sports teams forums
D. Family-oriented platforms
E. Elderly community groups

Group Activity COCO, Crowd
Activity Dataset

I Understand group ac-
tivities, interactions be-
tween people, and roles
of people in activities.

Question: What does the illustration in the
picture say?
Choices & Answer:
A. The picture shows that Brexit has no im-
pact.
B. Brexit is the wrong choice.
C. This is a neutral illustration, so it is hard
to judge.
D. Brexit was the right thing to do.
E. Brexit is a brilliant decision as depicted in
the illustration.

Struggle Detec-
tion

Struggle De-
termination
Dataset

V Assess the level of
struggle in first-person
actions depicted in the
video.

Question: Does the video show the person fac-
ing challenges while carrying out the task?
Choices & Answer:
A. Clear signs of struggle, like repeated at-
tempts and jerky movements, showing uncer-
tainty and lack of skill.
B. Actions are mostly smooth, with occasional
minor mistakes or adjustments.
C. Signs of difficulty, such as errors or pauses,
indicate some inexperience but effort to con-
tinue.
D. Actions are executed smoothly and confi-
dently with no visible difficulty.

Continued on next page
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Continuation of Table 2 (continued from previous page)
Task Source M. Explanation Example

Crowd Event Crowd11,
Crowd Activity
Dataset

I+V Understand individual
trajectories and move-
ments within crowds,
as well as overall crowd
dynamics.

Question: What is the movement trajectory of
the person riding the motorcycle with a hel-
met?
Choices & Answer:
A. Standing near a store, looking at the prod-
ucts.
B. Move from the right side of the frame to
the left side.
C. The person is getting closer to the camera.
D. Move from the left side of the frame to the
right side.
E. The person is getting farther from the cam-
era.

Cultural Event ChaLearn LAP I Understand the content
and places of cultural
events in the images.

Question: What cultural celebration, involving
fruit-throwing, is depicted in the image?
Choices & Answer:
A. Battle of the Oranges
B. Grape Harvest Festival
C. La Tomatina
D. Apple Fest
E. Lemon Festival

Crime Abnor-
mal

UCF-Crime V Understand and ex-
plain the type, dynam-
ics, and individual be-
haviors involved in ab-
normal activities.

Question: Did the people in the video enter
the white car voluntarily?
Choices & Answer:
A. Yes, the people entered the white car vol-
untarily to avoid the confrontation.
B. No, the people were already inside the car
and did not exit at any point.
C. ...
D. ...
E. No, the two men in black forcefully dragged
out the people from the white car.

Disaster Under-
standing

CrisisMMD I Classify disaster-
related tweets and
images by informative-
ness, humanitarian
category, and damage
severity.

Question: How would you describe the impact
on the infrastructure observed in this area fol-
lowing the event?
Choices & Answer:
A. No visible damage to buildings or roads
B. Mild structural damages with most build-
ings intact
C. Buildings completely destroyed, debris ev-
erywhere
D. Heavy flooding with multiple collapsed
bridges
E. Severe roof damage to numerous houses but
no flooding

3 Leaderboard of Each Task

The leaderboard of each task within perception and comprehension level is presented in Table 3, 4,
5.
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Table 3: Leaderboards of models with top-8 performance for each task in Human-P and
Human-C (1/3). “Rk” denotes the models’ ranks, and “Acc” denotes their accuracy.

(1) Human-P&Human-C
Rk Model Acc

1 InternVL3-78B 62.77
2 InternVL3-38B 62.74
3 o4-mini 62.28
4 InternVL2.5-78B 60.58
5 Gemini-2.5-Flash 60.02
6 InternVL2.5-38B 59.92
7 InternVL3-14B 58.96
8 LLaVA-OneVision-

72B
57.98

(2) Human-P
Rk Model Acc

1 InternVL3-38B 66.15
2 InternVL3-78B 65.34
3 Gemini-2.5-Flash 64.66
4 o4-mini 64.13
5 InternVL2.5-38B 63.07
6 LLaVA-OneVision-

72B
62.96

7 InternVL2.5-78B 62.95
8 InternVL3-14B 62.82

(3) Human-C
Rk Model Acc

1 o4-mini 60.42
2 InternVL3-78B 60.20
3 InternVL3-38B 59.32
4 InternVL2.5-78B 58.21
5 InternVL2.5-38B 56.76
6 Gemini-2.5-Flash 55.38
7 InternVL3-14B 55.11
8 Qwen2.5-VL-72B 54.48

(4) Spatial Relation
Rk Model Acc

1 InternVL2.5-78B 82.08
2 InternVL3-78B 81.50
3 Gemini-2.5-Flash 80.35
4 InternVL2.5-38B 78.74
5 Qwen2.5-VL-72B 78.74
6 InternVL3-14B 78.61
7 InternVL3-38B 78.61
8 o4-mini 77.46

(5) Object Existence
Rk Model Acc

1 InternVL2.5-38B 88.00
2 InternVL3-78B 87.93
3 InternVL3-38B 87.36
4 LLaVA-OneVision-

72B
86.21

5 InternVL3-8B 85.63
6 Oryx-1.5-32B 85.63
7 InternVL2.5-78B 85.06
8 InternVL2.5-4B 84.00

(6) Human Presence
Rk Model Acc

1 InternVL3-78B 90.20
2 InternVL3-38B 88.24
3 InternVL2.5-78B 87.25
4 InternVL2.5-38B 86.27
5 LLaVA-OneVision-

72B
85.78

6 LLaVA-OneVision-
7B

85.78

7 InternVL3-8B 85.29
8 Qwen2.5-VL-72B 85.29

(7) Body Posture
Rk Model Acc

1 Qwen2.5-VL-72B 61.47
2 InternVL2.5-78B 58.72
3 InternVL3-78B 54.13
4 LLaVA-OneVision-

72B
54.13

5 Oryx-1.5-32B 53.01
6 InternVL3-38B 52.29
7 LLaVA-Video-

72B
52.29

8 InternVL2.5-38B 51.38

(8) Hand State
Rk Model Acc

1 Gemini-2.5-Flash 56.18
2 o4-mini 51.69
3 Gemini-2.0-Flash 51.69
4 Gemini-1.5-Pro 48.31
5 InternVL3-38B 47.19
6 Qwen2.5-VL-72B 46.07
7 InternVL3-14B 43.82
8 InternVL2.5-2B 42.70

(9) Hand-Object Interac-
tion
Rk Model Acc

1 InternVL3-78B 58.73
2 InternVL3-8B 58.41
3 o4-mini 57.78
4 Gemini-2.0-Flash 56.83
5 InternVL2.5-78B 56.51
6 Gemini-2.5-Flash 56.19
7 GPT-4o 55.56
8 InternVL2.5-38B 55.56

(10) Body Orientation
Rk Model Acc

1 o4-mini 50.00
2 InternVL3-14B 41.58
3 InternVL3-38B 41.58
4 Qwen2.5-VL-72B 38.74
5 Gemini-2.5-Flash 38.42
6 InternVL2.5-38B 38.22
7 InternVL3-8B 36.84
8 InternVL3-78B 34.74

(11) Gaze Estimation
Rk Model Acc

1 o4-mini 55.73
2 Gemini-2.0-Flash 55.73
3 Gemini-1.5-Pro 52.67
4 InternVL3-38B 51.15
5 MiniCPM-o-2.6 50.38
6 Qwen2.5-VL-72B 50.38
7 Gemini-1.5-Flash 48.09
8 InternVL3-14B 48.09

(12) Clothing Attribute
Rk Model Acc

1 InternVL3-78B 86.89
2 LLaVA-OneVision-

72B
83.61

3 LLaVA-Video-
72B

83.61

4 Gemini-2.5-Flash 82.79
5 InternVL3-38B 82.79
6 InternVL2.5-78B 81.15
7 Doubao-1.5-vision-

pro
80.33

8 o4-mini 78.69

(13) Accessory Recognition
Rk Model Acc

1 o4-mini 94.26
2 Gemini-2.5-Flash 94.26
3 InternVL3-78B 94.26
4 NVILA-8B 94.26
5 Gemini-2.0-Flash 92.62
6 InternVL2.5-38B 92.62
7 InternVL2.5-4B 92.62
8 InternVL3-8B 92.62

(14) Bodypart Visibility
Rk Model Acc

1 o4-mini 48.44
2 Qwen2.5-VL-72B 44.53
3 LLaVA-Video-

72B
42.97

4 InternVL3-14B 42.19
5 InternVL3-78B 42.19
6 InternVL2.5-38B 39.84
7 InternVL2.5-78B 39.84
8 InternVL3-8B 39.84

(15) Physical Attribute
Rk Model Acc

1 InternVL3-78B 70.24
2 LLaVA-OneVision-

72B
70.24

3 LLaVA-Video-
72B

70.00

4 InternVL3-38B 68.45
5 InternVL3-14B 67.26
6 o4-mini 66.07
7 InternVL2.5-78B 66.07
8 InternVL2.5-38B 65.29
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Table 4: Leaderboards of models with top-8 performance for each task in Human-P and
Human-C (2/3).

(16) Human-Object Con-
tact
Rk Model Acc

1 InternVL2.5-38B 70.45
2 InternVL3-38B 67.42
3 Gemini-2.5-Flash 66.67
4 InternVL3-78B 65.91
5 Claude-3.5-Sonnet-

v2
64.39

6 LLaVA-OneVision-
72B

64.39

7 InternVL2.5-78B 62.88
8 o4-mini 62.12

(17) Human-Human Con-
tact
Rk Model Acc

1 Gemini-2.0-Flash 50.00
2 Gemini-2.5-Flash 48.53
3 InternVL2.5-78B 47.06
4 InternVL3-38B 47.06
5 Grok-2-Vision 45.59
6 Qwen2.5-VL-72B 44.78
7 Doubao-1.5-vision-

pro
44.12

8 InternVL3-78B 42.65

(18) Human Self-Contact
Rk Model Acc

1 LLaVA-Video-
72B

73.17

2 LLaVA-OneVision-
72B

70.73

3 InternVL3-14B 62.20
4 InternVL3-38B 59.76
5 Oryx-1.5-7B 51.22
6 NVILA-8B 50.00
7 Gemini-2.0-Flash 46.34
8 InternVL3-78B 43.90

(19) Face Recognition
Rk Model Acc

1 Gemini-2.5-Flash 87.00
2 Doubao-1.5-vision-

pro
85.00

3 Gemini-2.0-Flash 83.00
4 Claude-3.5-Sonnet-

v2
82.00

5 Gemini-1.5-Pro 77.00
6 InternVL2.5-38B 77.00
7 o4-mini 76.00
8 InternVL3-38B 76.00

(20) Identity Clustering
Rk Model Acc

1 Gemini-2.5-Flash 100.00
2 InternVL3-78B 96.84
3 o4-mini 95.79
4 InternVL3-38B 95.79
5 InternVL2.5-38B 91.58
6 InternVL3-14B 91.58
7 InternVL2.5-78B 89.47
8 MiniCPM-V-2.6 78.95

(21) Gesture
Rk Model Acc

1 o4-mini 63.87
2 InternVL3-38B 52.19
3 Gemini-2.5-Flash 51.46
4 GPT-4o 51.09
5 Gemini-2.0-Flash 48.18
6 InternVL2.5-78B 47.81
7 InternVL3-78B 47.81
8 InternVL2.5-38B 47.08

(22) Emotion
Rk Model Acc

1 o4-mini 53.69
2 MiniCPM-V-2.6 53.69
3 InternVL2.5-78B 53.00
4 MiniCPM-o-2.6 53.00
5 InternVL3-14B 52.71
6 InternVL2.5-4B 52.22
7 InternVL3-8B 52.22
8 LLaVA-Video-

72B
51.23

(23) Basic Action
Rk Model Acc

1 InternVL3-38B 73.82
2 InternVL3-78B 72.82
3 Qwen2.5-VL-72B 70.57
4 InternVL2.5-78B 70.32
5 o4-mini 69.83
6 Gemini-2.0-Flash 67.33
7 Gemini-1.5-Pro 66.33
8 InternVL3-14B 66.33

(24) Knowledge-Based Ac-
tion
Rk Model Acc

1 InternVL3-78B 60.46
2 InternVL3-38B 60.13
3 InternVL2.5-78B 58.82
4 o4-mini 57.03
5 InternVL2.5-38B 56.59
6 Qwen2.5-VL-72B 55.28
7 GPT-4o 53.92
8 Gemini-2.0-Flash 52.52

(25) Sequential Action
Rk Model Acc

1 InternVL2.5-38B 59.80
2 InternVL2.5-78B 58.82
3 Gemini-2.5-Flash 57.35
4 o4-mini 55.88
5 InternVL3-78B 54.90
6 Qwen2.5-VL-72B 54.41
7 Gemini-1.5-Pro 52.94
8 InternVL3-38B 52.94

(26) Goal Planning
Rk Model Acc

1 InternVL3-38B 42.08
2 InternVL3-78B 42.08
3 InternVL2.5-38B 32.05
4 InternVL2.5-78B 31.66
5 InternVL3-14B 31.66
6 o4-mini 30.89
7 Qwen2.5-VL-72B 27.41
8 InternVL3-2B 25.48

(27) Procedure Dependence
Rk Model Acc

1 InternVL3-38B 79.31
2 InternVL2.5-78B 78.16
3 Gemini-2.5-Flash 74.71
4 InternVL3-78B 73.56
5 Oryx-1.5-32B 71.26
6 InternVL2.5-38B 70.11
7 o4-mini 67.82
8 Claude-3.5-Sonnet-

v2
62.07

(28) Multiple Human Sequence
Action
Rk Model Acc

1 InternVL2.5-38B 53.33
2 Doubao-1.5-vision-

pro
50.00

3 InternVL3-14B 48.33
4 InternVL3-38B 45.00
5 o4-mini 41.67
6 InternVL2.5-78B 41.67
7 InternVL3-78B 41.67
8 Oryx-1.5-32B 41.67

(29) Irrelevant Action
Rk Model Acc

1 o4-mini 75.90
2 Gemini-2.0-Flash 75.18
3 Gemini-1.5-Pro 68.71
4 Gemini-1.5-Flash 67.27
5 InternVL2.5-38B 63.67
6 Claude-3.5-Sonnet-

v2
63.31

7 Gemini-2.5-Flash 61.87
8 Doubao-1.5-vision-

pro
61.51

(30) Human Comparison
Rk Model Acc

1 o4-mini 81.76
2 InternVL3-14B 76.47
3 InternVL3-38B 76.47
4 InternVL2.5-78B 74.71
5 InternVL3-78B 73.53
6 InternVL2.5-38B 72.94
7 Gemini-2.5-Flash 72.35
8 LLaVA-OneVision-

72B
71.18
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Table 5: Leaderboards of models with top-8 performance for each task in Human-P and
Human-C (3/3).

(31) Social Relation
Rk Model Acc

1 InternVL3-38B 65.33
2 InternVL3-78B 63.82
3 InternVL3-14B 61.81
4 InternVL2.5-78B 61.31
5 LLaVA-Video-

72B
61.31

6 Claude-3.5-Sonnet-
v2

60.80

7 Gemini-2.0-Flash 60.80
8 o4-mini 60.30

(32) Group Activity
Rk Model Acc

1 o4-mini 82.51
2 InternVL3-78B 80.33
3 Gemini-2.5-Flash 79.78
4 LLaVA-OneVision-

72B
79.78

5 InternVL3-38B 79.23
6 InternVL2.5-78B 76.50
7 InternVL3-14B 76.50
8 NVILA-8B 74.86

(33) Struggle Detection
Rk Model Acc

1 InternVL2.5-2B 34.29
2 InternVL3-2B 32.86
3 Gemini-1.5-Pro 31.43
4 InternVL2.5-1B 29.29
5 GPT-4o 28.57
6 InternVL3-1B 28.57
7 LLaVA-Video-

72B
26.43

8 Oryx-1.5-7B 25.71

(34) Crowd Event
Rk Model Acc

1 InternVL3-38B 59.09
2 InternVL3-78B 55.19
3 o4-mini 54.55
4 InternVL3-14B 53.90
5 InternVL2.5-78B 51.95
6 Qwen2.5-VL-72B 51.30
7 InternVL2.5-38B 50.65
8 Gemini-2.5-Flash 48.05

(35) Cultural Event
Rk Model Acc

1 o4-mini 85.65
2 GPT-4o 85.22
3 Gemini-2.0-Flash 84.35
4 Claude-3.5-Sonnet-

v2
83.48

5 Gemini-2.5-Flash 83.48
6 InternVL3-78B 82.61
7 Qwen2.5-VL-72B 81.74
8 InternVL2.5-78B 80.87

(36) Crime Abnormal
Rk Model Acc

1 InternVL3-78B 77.84
2 Gemini-2.5-Flash 73.51
3 Gemini-1.5-Pro 71.35
4 Gemini-2.0-Flash 70.27
5 o4-mini 68.11
6 InternVL2.5-78B 66.49
7 Qwen2.5-VL-72B 65.41
8 InternVL3-38B 64.86

(37) Disaster Understand-
ing
Rk Model Acc

1 InternVL3-78B 65.19
2 InternVL3-14B 62.22
3 InternVL2.5-38B 61.48
4 InternVL2.5-78B 61.48
5 InternVL3-38B 59.26
6 Qwen2.5-VL-72B 59.26
7 InternVL3-8B 58.52
8 GPT-4o 57.04

4 Examples of Annotation Files
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{
"id": "2444322301141a22070619141c153c46",
"input_path": [

"2444322301141a22070619141c153c46_1.jpg"
],
"input_type": 0,
"question": "How is the person’s body arranged in the picture, focusing on the condition

of specific body parts?",
"answer": "The right knee is almost completely bent with horizontal calves",
"distractors": [

"The right knee is slightly bent",
"Both knees are bent at right angles",
"The left knee is slightly bent",
"Neither of the knees is bent"

],
"correct_option": "E",
"question_prompt": "How is the person’s body arranged in the picture, focusing on the

condition of specific body parts?\nA. Both knees are bent at right angles\nB. The
right knee is slightly bent\nC. Neither of the knees is bent\nD. The left knee is
slightly bent\nE. The right knee is almost completely bent with horizontal calves",

"task": "Body Posture",
"dimension": "Posture",
"level": "Perception"

}

Figure 1: Example annotation of the task Body Posture

{
"id": "244432290f1e07211c1419043144",
"input_path": [

"244432290f1e07211c1419043144_1.jpg"
],
"input_type": 0,
"question": "What is the exact gesture of the person’s hand in the picture?",
"answer": "Both hands closed in tight fists",
"distractors": [

"Both hands making peace signs with all fingers fully extended",
"Left index and both middles close to other fingers; both thumbs spread apart; right

fingers barely bent",
"Left hand is waving with fingers extended, right hand forming a cup shape",
"Left hand with fingers forming an arch, right hand thumb up gesture"

],
"correct_option": "C",
"question_prompt": "What is the exact gesture of the person’s hand in the picture?\nA.

Left hand with fingers forming an arch, right hand thumb up gesture\nB. Both hands
making peace signs with all fingers fully extended\nC. Both hands closed in tight
fists\nD. Left hand is waving with fingers extended, right hand forming a cup
shape\nE. Left index and both middles close to other fingers; both thumbs spread
apart; right fingers barely bent",

"task": "Hand State",
"dimension": "Posture",
"level": "Perception"

}

Figure 2: Example annotation of the task Hand State
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{
"id": "244432260f0a06371b01040c0f040a1d062a5e",
"input_path": [

"244432260f0a06371b01040c0f040a1d062a5e_1.jpg"
],
"input_type": 0,
"question": "What direction is the girl lying down in the picture most likely to be

looking at?",
"answer": "Slightly downward",
"distractors": [

"Directly downward",
"Slightly upward",
"Slightly to the right",
"Slightly to the left"

],
"correct_option": "C",
"question_prompt": "What direction is the girl lying down in the picture most likely to be

looking at?\nA. Slightly upward\nB. Directly downward\nC. Slightly downward\nD.
Slightly to the right\nE. Slightly to the left",

"task": "Gaze Estimation",
"dimension": "Posture",
"level": "Perception"

}

Figure 3: Example annotation of the task Gaze Estimation

{
"id": "244432291b1d021c271707040d04201d06010c021a2f52",
"input_path": [

"244432291b1d021c271707040d04201d06010c021a2f52_1.jpg"
],
"input_type": 0,
"question": "What parts of this person’s body make contact with the cell phone?",
"answer": "The left hand fingers (excluding palm) and the left ear.",
"distractors": [

"The right hand fingers (excluding palm) and the right ear.",
"The left hand fingers (excluding palm) and the right ear.",
"The right hand fingers (excluding palm) and the left ear.",
"The left hand fingers (excluding palm) only."

],
"correct_option": "D",
"question_prompt": "What parts of this person’s body make contact with the cell phone?\nA.

The right hand fingers (excluding palm) and the right ear.\nB. The left hand fingers
(excluding palm) only.\nC. The right hand fingers (excluding palm) and the left
ear.\nD. The left hand fingers (excluding palm) and the left ear.\nE. The left hand
fingers (excluding palm) and the right ear.",

"task": "Human-Object Contact",
"dimension": "Contact",
"level": "Understanding"

}

Figure 4: Example annotation of the task Human-Object Contact
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{
"id": "244432291b1d021c3b1001072d1f0d060916193e5c",
"input_path": [

"244432291b1d021c3b1001072d1f0d060916193e5c_1.png"
],
"input_type": 0,
"question": "Do the hands of the man wearing a yellow jacket touch each other excluding

their fingers?",
"answer": "Yes, the right and left hand palms, excluding fingers, of the man wearing a

yellow jacket are in contact.",
"distractors": [

"No, the right and left hand palms, excluding fingers, of the man wearing a yellow
jacket are not in contact.",

"Yes, the right and left hand palms, including fingers, of the man wearing a yellow
jacket are in contact.",

"Only the right hand palm of the man wearing a yellow jacket, excluding fingers, is in
contact with their left hand backside fingers.",

"Only the left hand palm of the man wearing a yellow jacket, excluding fingers, is in
contact with their right hand backside fingers."

],
"correct_option": "B",
"question_prompt": "Do the hands of the man wearing a yellow jacket touch each other

excluding their fingers?\nA. Yes, the right and left hand palms, including fingers,
of the man wearing a yellow jacket are in contact.\nB. Yes, the right and left hand
palms, excluding fingers, of the man wearing a yellow jacket are in contact.\nC. Only
the right hand palm of the man wearing a yellow jacket, excluding fingers, is in
contact with their left hand backside fingers.\nD. Only the left hand palm of the man
wearing a yellow jacket, excluding fingers, is in contact with their right hand
backside fingers.\nE. No, the right and left hand palms, excluding fingers, of the
man wearing a yellow jacket are not in contact.",

"task": "Human Self-Contact",
"dimension": "Contact",
"level": "Understanding"

}

Figure 5: Example annotation of the task Human Self-Contact

{
"id": "244432280a150d0601011422020510060d07040f092f51",
"input_path": [

"244432280a150d0601011422020510060d07040f092f51_1.jpg",
"244432280a150d0601011422020510060d07040f092f51_2.jpg",
"244432280a150d0601011422020510060d07040f092f51_3.jpg",
"244432280a150d0601011422020510060d07040f092f51_4.jpg",
"244432280a150d0601011422020510060d07040f092f51_5.jpg",
"244432280a150d0601011422020510060d07040f092f51_6.jpg"

],
"input_type": 1,
"question": "In these 6 images, which ones are of the same person?",
"answer": "The third, the fifth, and the sixth one are the same person.",
"distractors": [

"The fourth and the sixth one are the same person.",
"The second and the third one are the same person; the fourth and the fifth one are the

same person.",
"The second and the fourth one are the same person.",
"The first and the fourth one are the same person."

],
"correct_option": "A",
"question_prompt": "In these 6 images, which ones are of the same person?\nA. The third,

the fifth, and the sixth one are the same person.\nB. The first and the fourth one
are the same person.\nC. The second and the fourth one are the same person.\nD. The
fourth and the sixth one are the same person.\nE. The second and the third one are
the same person; the fourth and the fifth one are the same person.",

"task": "Identity Clustering",
"dimension": "Identity",
"level": "Understanding"

}

Figure 6: Example annotation of the task Identity Clustering
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{
"id": "2447322a001f141e0d110a042c1110170c340e15071f0d2d5a",
"input_path": [

"2447322a001f141e0d110a042c1110170c340e15071f0d2d5a_1.mp4"
],
"input_type": 2,
"question": "What best describes the action performed by the biker?",
"answer": "Barspin",
"distractors": [

"Decade Air",
"Flair barspin",
"Double barspin",
"Tailwhip"

],
"correct_option": "A",
"question_prompt": "What best describes the action performed by the biker?\nA. Barspin\nB.

Decade Air\nC. Flair barspin\nD. Tailwhip\nE. Double barspin",
"task": "Knowledge-Based Action",
"dimension": "Behavior",
"level": "Understanding"

}

Figure 7: Example annotation of the task Knowledge-Based Action

{
"id": "2447322601110f220414030f071e042d5c",
"input_path": [

"2447322601110f220414030f071e042d5c_1.mp4"
],
"input_type": 2,
"question": "Considering the progress shown in the video and my current observation in the

last frame, what action should I take next in order to dry and put away utensils?",
"answer": "close tap",
"distractors": [

"open tap",
"pick up towel",
"hang towel on fridge",
"rinse utensils"

],
"correct_option": "C",
"question_prompt": "Considering the progress shown in the video and my current observation

in the last frame, what action should I take next in order to dry and put away
utensils?\nA. open tap\nB. pick up towel\nC. close tap\nD. hang towel on fridge\nE.
rinse utensils",

"task": "Goal Planning",
"dimension": "Procedure",
"level": "Understanding"

}

Figure 8: Example annotation of the task Goal Planning
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{
"id": "2447322c1b1c171b181908291b1d021c3b101c140b1e001729161908011e3c40",
"input_path": [

"2447322c1b1c171b181908291b1d021c3b101c140b1e001729161908011e3c40_1.mp4"
],
"input_type": 2,
"question": "Does any object experience a change of state more than once during the

sequence of interactions between the camera wearer and another person?",
"answer": "The cup experiences multiple states; it moves from shelf to table, table to

microwave, and finally microwave back to table.",
"distractors": [

"The milk undergoes changes of state from being in the fridge to being in the cup and
finally back into the fridge.",

"The microwave door is opened and closed multiple times by both the camera wearer and
another person during the sequence.",

"The milk changes state from cold when poured out to possibly warm inside the cup in
the end of the video.",

"The camera wearer and another person handed over the cup to each other multiple times,
altering its state change."

],
"correct_option": "E",
"question_prompt": "Does any object experience a change of state more than once during the

sequence of interactions between the camera wearer and another person?\nA. The camera
wearer and another person handed over the cup to each other multiple times, altering
its state change.\nB. The milk changes state from cold when poured out to possibly
warm inside the cup in the end of the video.\nC. The microwave door is opened and
closed multiple times by both the camera wearer and another person during the
sequence.\nD. The milk undergoes changes of state from being in the fridge to being
in the cup and finally back into the fridge.\nE. The cup experiences multiple states;
it moves from shelf to table, table to microwave, and finally microwave back to
table.",

"task": "Multiple Human Sequential Action",
"dimension": "Procedure",
"level": "Understanding"

}

Figure 9: Example annotation of the task Multiple Human Sequential Action

{
"id": "244732291b1d021c2b1a00110f020a01071b3250",
"input_path": [

"244732291b1d021c2b1a00110f020a01071b3250_1.png"
],
"input_type": 0,
"question": "What do the two people on the far right in the image have in common?",
"answer": "They both have a green wristband on their left hand.",
"distractors": [

"They both show two rows of teeth.",
"They both appear distressed.",
"They both have sunglasses hanging in front of their clothes.",
"They both wear a blue helmet."

],
"correct_option": "E",
"question_prompt": "What do the two people on the far right in the image have in

common?\nA. They both appear distressed.\nB. They both show two rows of teeth.\nC.
They both wear a blue helmet.\nD. They both have sunglasses hanging in front of their
clothes.\nE. They both have a green wristband on their left hand.",

"task": "Human Comparison",
"dimension": "Relation",
"level": "Understanding"

}

Figure 10: Example annotation of the task Human Comparison
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{
"id": "244732261c1f1602291619081819170b3743",
"input_path": [

"244732261c1f1602291619081819170b3743_1.jpg"
],
"input_type": 0,
"question": "Who is most likely to answer a reporter’s question?",
"answer": "The man in the red tie",
"distractors": [

"A man in a black and white striped tie",
"A woman in a white blouse",
"The man on the far right.",
"The woman on the far right."

],
"correct_option": "C",
"question_prompt": "Who is most likely to answer a reporter’s question?\nA. A man in a

black and white striped tie\nB. The woman on the far right.\nC. The man in the red
tie\nD. A woman in a white blouse\nE. The man on the far right.",

"task": "Group Activity",
"dimension": "Relation",
"level": "Understanding"

}

Figure 11: Example annotation of the task Group Activity

{
"id": "244732221c1f14162d03080f1a2f56",
"input_path": [

"244732221c1f14162d03080f1a2f56_1.mp4"
],
"input_type": 2,
"question": "What is the movement trajectory of the girl taking photos of others in the

center of the frame at the beginning of the video?",
"answer": "She initially remains mostly stationary, then starts moving toward the person

being photographed.",
"distractors": [

"She remains mostly stationary throughout the video until it ends.",
"She moves toward the person being photographed right from the beginning.",
"Move from the center of the frame to the right side.",
"Move from the center of the frame to the left side."

],
"correct_option": "E",
"question_prompt": "What is the movement trajectory of the girl taking photos of others in

the center of the frame at the beginning of the video?\nA. Move from the center of
the frame to the right side.\nB. She remains mostly stationary throughout the video
until it ends.\nC. She moves toward the person being photographed right from the
beginning.\nD. Move from the center of the frame to the left side.\nE. She initially
remains mostly stationary, then starts moving toward the person being photographed.",

"task": "Crowd Event",
"dimension": "Scene",
"level": "Understanding"

}

Figure 12: Example annotation of the task Crowd Event
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{
"id": "244732221c190e172917030e1c1d021e3744",
"input_path": [

"244732221c190e172917030e1c1d021e3744_1.mp4"
],
"input_type": 2,
"question": "What kind of unusual activity is depicted in the video?",
"answer": "Fighting",
"distractors": [

"Assault",
"Robbery",
"Abuse",
"Burglary"

],
"correct_option": "D",
"question_prompt": "What kind of unusual activity is depicted in the video?\nA.

Burglary\nB. Robbery\nC. Assault\nD. Fighting\nE. Abuse",
"task": "Crime Anomaly",
"dimension": "Scene",
"level": "Understanding"

}

Figure 13: Example annotation of the task Crime Anomaly

{
"id": "5b4359",
"input_path": [

"5b4359_1.mp4"
],
"input_type": 2,
"question": "What is the reason for the protagonist repeatedly rubbing the paint surface

with his hands in the video?",
"cot": "The reasoning is based on visual cues from the video that introduce the assembled

airplane, the Lockheed P-38J Lightning, which is known to be a World War II-era
aircraft. Observations in the video show that final aesthetic details, such as
chipped paint on the propellers, nose, and fuel tank, are intentionally created,
indicating the desire to achieve an aged and weathered look. This conclusion is drawn
by correlating the historical context of the aircraft with the deliberate technique
of rubbing off the paint.",

"answer": "He is intentionally removing paint to create an aged, weathered appearance on
the aircraft.",

"question_type": "Cause Reasoning",
"domain": "Electric & Crafting",
"level": "Reasoning",
"meta_data": {

"source": "YouTube",
"url": "https://www.youtube.com/watch?v=xDwEATd3Whs",
"interval": [

0,
1469

]
}

}

Figure 14: Example annotation of Human-R: 1
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{
"id": "5b4c",
"input_path": [

"5b4c_1.mp4"
],
"input_type": 2,
"question": "Why is the man playing a video on his phone while busy using a flashlight?

Did he happen to stumble upon this video? Answer \"yes\" or \"no\" and briefly
explain the reason.",

"cot": "The video displays textual cues indicating that the man is on a rescue mission to
save a kitten trapped in the house’s foundation, as he directs a flashlight toward a
hole where the kitten is likely hiding. Visual focus shifts to a phone playing a
video of a cat, complete with a visual of its open mouth suggesting it is making a
sound, and the phone’s screen later reveals a search record for ’cat talking.’ This
evidence, combined with the knowledge that cats are attracted to the sounds of their
own species, supports the interpretation that the man intentionally searched for and
used these specific videos to lure the kitten, rather than having discovered the
video by chance.",

"answer": "No, he did not stumble upon the video accidentally; he intentionally played
videos with cat sounds to attract the kitten for rescue.",

"question_type": "Prediction",
"domain": "Household",
"level": "Reasoning",
"meta_data": {

"source": "YouTube",
"url": "https://www.youtube.com/watch?v=ygc7vJaVgfA",
"interval": [

0,
135

]
}

}

Figure 15: Example annotation of Human-R: 2

{
"id": "5a4154",
"input_path": [

"5a4154_1.mp4"
],
"input_type": 2,
"question": "Why does the chef cut it the ingredients this way?",
"cot": "The video shows the chef deliberately making a cross-shaped incision on the flat

surface of the chestnut; by later observing her peeling and consuming the chestnut,
it becomes clear that this method makes the shell easier to remove. Additionally, the
chef’s technique addresses the fact that chestnuts have internal moisture, which
could lead to explosions when heated if there is no cut to vent the steam, thereby
ensuring safety during the heating process.",

"answer": "The chef cuts it this way to facilitate shell removal and prevent the chestnut
from exploding during heating.",

"question_type": "Cause Reasoning",
"domain": "Household",
"level": "Reasoning"

}

Figure 16: Example annotation of Human-R: 3
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5 Examples of Each Task in Human-P&C

Figure 17: An example of the task “Spatial Relation”.

Figure 18: An example of the task “Object Existence”.
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Figure 19: An example of the task “Human Presence”.

Figure 20: An example of the task “Body Posture”.
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Figure 21: An example of the task “Hand State”.

Figure 22: An example of the task “Hand-Object Interaction”.
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Figure 23: An example of the task “Body Orientation”.

Figure 24: An example of the task “Gaze Estimation”.
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Figure 25: An example of the task “Clothing Attribute”.

Figure 26: An example of the task “Accessory Recognition”.
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Figure 27: An example of the task “Bodypart Visibility”.

Figure 28: An example of the task “Physical Attribute”.
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Figure 29: An example of the task “Human-Object Contact”.

Figure 30: An example of the task “Human-Human Contact”.
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Figure 31: An example of the task “Human Self-Contact”.

Figure 32: An example of the task “Face Recognition”.
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Figure 33: An example of the task “Identity Clustering”.

Figure 34: An example of the task “Gesture”.

Figure 35: An example of the task “Emotion”.
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Figure 36: An example of the task “Basic Action”.

Figure 37: An example of the task “Knowledge-Based Action”.

Figure 38: An example of the task “Sequential Action”.
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Figure 39: An example of the task “Goal Planning”.

Figure 40: An example of the task “Procedure Dependence”.

Figure 41: An example of the task “Multiple Human Sequence Action”.

32



1728
1729
1730
1731
1732
1733
1734
1735
1736
1737
1738
1739
1740
1741
1742
1743
1744
1745
1746
1747
1748
1749
1750
1751
1752
1753
1754
1755
1756
1757
1758
1759
1760
1761
1762
1763
1764
1765
1766
1767
1768
1769
1770
1771
1772
1773
1774
1775
1776
1777
1778
1779
1780
1781

Under review as a conference paper at ICLR 2026

Figure 42: An example of the task “Irrelevant Action”.

Figure 43: An example of the task “Human Comparison”.

Figure 44: An example of the task “Social Relation”.
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Figure 45: An example of the task “Group Activity”.

Figure 46: An example of the task “Struggle Detection”.

Figure 47: An example of the task “Crowd Event”.
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Figure 48: An example of the task “Cultural Event”.

Figure 49: An example of the task “Crime Abnormal”.

35



1890
1891
1892
1893
1894
1895
1896
1897
1898
1899
1900
1901
1902
1903
1904
1905
1906
1907
1908
1909
1910
1911
1912
1913
1914
1915
1916
1917
1918
1919
1920
1921
1922
1923
1924
1925
1926
1927
1928
1929
1930
1931
1932
1933
1934
1935
1936
1937
1938
1939
1940
1941
1942
1943

Under review as a conference paper at ICLR 2026

Figure 50: An example of the task “Disaster Understanding”.
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